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“No sensible decision can be made any

longer without taking into account not only

the world as it is, but the world as it will be.
— Isaac Asimov
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Quantellia Al / DI workshops
create breakthrough capabilities in
organizations by enabling them to
maximize the value of state-of-the-
art artificial intelligence, machine
learning, and decision intelligence
methodologies and tools.

This brochure contains workshop
descriptions and pricing.

Note that workshops can e tailored to serve your organization's
particular needs, including changes to topics covered, duration,
and level,




Introduction to

“Aglle Alt™

Artificial Intelligence (Al) and Machine Learning (ML) are maturing, transferring
from research-focused academic technologies to the commercial world. This
transition means that for our Al/ML projects to be successful, we must treat
them like an engineering discipline, which is substantially different from the sci-
entific history of the field. This is Agile Al: the emerging field of Al software engi-
neering.

At the core of Al/ML software applications lives a “world model”: an algorithm
that simulates something about the outside world. The simulation is informed by
data from that world, and so managing this relationship creates challenges that
- go beyond those in non-Al software systems. :
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What are best practices in Al/ML project
management”?

Course objectives:

By the end of this workshop, you will learn: . .
e \What is the best way to work with and

e \What are the typical steps in an A/ML communicate to data scientists to ensure

project? Why are these steps needed, and success?

what are the consequences of omitting them? . .
e \What is the right way to manage the

e What are the “classic mistakes” (patterns of interface between the Al team and the
error) and “epic fails” (classic mistakes that larger organization? \What does "Agile Al
have driven millions of dollars or massive risk in requirements / user stories” documentation
multiple projects over the years) experienced by 100K like and what makes it unique?

Al/ML projects?
e \What’s the best way to staff an Al project

e \What are the best practices that avoid these team? What's the secret learned and validated
traps? by organizations worldwide that sidesteps the

problem of very rare, and very expensive, data

e How should data be prepared differently for an science resources’?

Al/ML project than for an operational system . . .
(ke a bank or telecommunications company)? ® What new roles are emerging as Al is growing

into a mature engineering discipline?
e How can the performance of an Al system be
translated into expected business measures,
and how can Al systems be built to ensure that
those metrics are achieved?
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1. The Shape of Al/ML today

1A. Al/ML/DI overview .
. . . eturn to start
1B. 90% of ML in a single slide: for continuous Success
i i improvement criteria
the supervised learning B
template

2. Background and overview
2A. The single source of many
ML epic fails
2B. The Agile Al lifecycle
2C. Emerging specialist roles
as Al/ML matures into an
engineering discipline
2D. The relationship between
decisions, models, and
data Production Implementation
3. Best practices in each of the « Parallel testing
Agile Al modules. Examples given zzf:i:':bmr
below. 7
3A. Agile Al planning and proj- @leAISprinm \

Pass production development -
ect management e * Achieve success criteria for *

production environment before iz

3B. How to assess readiness criteria Peginning other production work ariteria
for model building - Embed successful POC Al in

current or new biz processes /
applications

* Provide robustness and Uls

Qroduction-level security /

3C. How to avoid data over-cleansing

3D. How to optimize humans-in-the-loop

3E. The importance and value of baseline
testing

3F. Agile Al POC sprint planning

3G. Feature engineering

3H. Algorithm selection

3l. Al project requirements elicitation

3J. How to set the AI/ML project on the road
to success by identifying an objective
function with business salience.

Agile Al
Planning and

Pass
success
criteria

Project
Management

1D risks and
mitigations




Getting Started with

lintelligence
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Every decade or so, a new business discipline is born. Did you know that there
was a time before project planning? Before Business Intelligence? Before Busi-
ness Process Management?

Today, Decision Intelligence is the next breakthrough: it is a proven approach
that has saved millions of dollars for organizations worldwide. DI brings the best
of Al, machine learning, systems modeling, complex systems analysis, and more
to multiple roles in the organization, helping to bridge from “what do we know?”
and “what can we predict?” to “what should we do?”

Course objectives:

By the end of this workshop, you will learn:

How to combine the best evidence and
human expertise in your organization

to answer the question: “If | make this
decision today, what will be the outcome
tomorrow?”

How to integrate data and Al into to your
most important decisions.

How to create a decision collaboration team
to design, test, and update your organization’s
most important decisions, creating continuous
improvement and organizational learning.

How to combine intangible factors, like
employee engagement and customer
experience, with tangible ones, like cost of
goods and closed sales.

How to make decisions that have multiple
outcomes.

How to avoid the most common traps that
cause data-driven decision support projects to
fail, and how to radically accelerate the value
that you receive from all data, big and small.

The three secrets of small data, and how you
can use it to supercharge decisions.

How to ensure your team is aligned around
outcomes, so that every decision pulls in the
same direction.

The secret to “seeing around corners” —
predicting the future by combining data with
your team’s expertise.

How to manage assumptions and to change
direction when reality doesn’t quite match
them.

How decision intelligence uses the latest
research in neurobiology, cognitive science, and
collaboration to make decision-making intuitive,
natural, visual, and social.

All students receive a copy of Quantellia Chief Scientist Dr. L. Pratt’s new book,
Link: How Decision Intelligence Connects Data, Actions, and Outcomes for a

nnnnnnnnnnnnnnnnnnnnnnn

Better World
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WHAT? HOW?
1. Benefits of decision modeling 4 System 1 and System 2:
2.Decisions in your organization brainstorming and analysis

that can be modeled 1.The Causal Decision Diagram
3.Case studies (CDD)

2.0utcome alignment

3. Lever alignment

4. Causal chains

5.Al / ML insertion points

6. Classic decision modeling
mistake patterns and how to
fix them

7. DI for the multiple bottom line

8. Decision visualization versus
data visualization

9.Dl in leadership

10. The emerging DI ecosystem
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\ \dd-on module; Decision
Mintelligence Hands-0n

In Decision Intelligence Hands-

On, you’ll take a deeper dive, with
interactive exercises. You’ll learn
what it means to be a Decision
Intelligence Scientist, Architect, and
Facilitator.

Course Outline:

Why we are here: Decision Outcomes
Understanding true outcomes versus proxies
Outcome brainstorming

What we can do: Decision Levers
Understanding Levers versus externals
Unsticking lever ideology: lever brainstorming

What'’s around us: Decision Externals
Sources of external data
Sources of external expertise
Assumptions: externals with uncertainty
Forecasts: externals with time

The nuts and bolts: Dependencies
Simple dependency equations
Complex dependencies: logic and code
Determining dependencies through machine
learning / Big Data

Running the model: simulating the future

Implementing the decision in the organization

Tracking assumptions and “back to the drawing

board”

Methodology
This course altemnates instruction with hands-on group exercises.

Length
5 hours



. ca ' your cofhpany join in, while m|n|m|zmg cost and risk and maX|m|zmg value from thls new
technology‘? Whether your organization is new to Al or has already started some Al proj-

) ects, this Assessment helps you to answer: “Are you making the best use of this technology?
- Where are the greatest opportunities? And how can you maximize the value of Al to you, now

and in the future?”

~ In this workshop, you’ll learn how to identify where the opportunities for Al exist within your
~organization, and how to take the best first steps to maximize success.

Course objectives:

You will learn how to identify
opportunities for Al throughout
your organization, along with

best practices for resourcing

and managing Al teams. You'll
understand this complex
technology in a radically simpler
way, and your toolbox will be filled
with management and technology
knowledge to drive revenues and
reduce costs in your organization,
while ensuring that you follow
ethical and responsible Al best
pratices.

Content:

What is Al? How is it different from
machine learning? Deep learning? Atrtificial
general intelligence? Big data?

What are the four patterns to look for

to identify new Al use cases for your
organization?

How do Al systems fit into the key
decisions in your organization?

How can you work backwards from
desired decision outcomes to actions to
determine where Al fits in?

What are the biggest mistakes that
organizations make when creating,
tasking, and managing Al organizations?
What are the best practices?

How should you budget for an Al project?
How should it be resourced?

What is the difference between data
management for Al and data management
for operations, and how can you

save tremendous risk and time by
understanding the distinction?

What are the typical stages of a machine
learning project?

What are best practices and typical
mistakes at each stage”?

How can you get ahead of the competition
by understanding the future of Al?
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